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INTRODUCTION

• Many young children are 
characterized as “picky 
eaters” because they refuse 
to eat certain types of 
foods.1,2

• A universal symptom of 
pickiness tends to be lack of 
nutritious food intake and 
consequently poor health.3,4

• Factors such as temperature, appearance, and 
notably texture of food have been shown to 
negatively affect feeding times of some children.5

• Proper interventions at a young age can help 
promote eating a larger selection of food and 
increase the amount of nutrient dense foods 
eaten.6,7

• Defining what drives “picky” eating can be quite 
troublesome, as it may be completely different for 
two individuals.3

• Conjoint survey software is used to uncover what 
attributes are driving consumer choices.8

AIM
1. Use adaptive choice-based (ACBC) 

conjoint analysis to inquire about liking 
and disliking of food textures in two 
populations (non-picky and picky children)

2. Use selectivity factors to quantify 
pickiness

METHODS
Survey Creation

• 8 categories with 30 attributes

Figure 1. Food texture groupings (categories) and their 
subsequent levels (attributes).

Survey Creation, cont.
• Booklet created to demonstrate which foods may 

fall under certain attributes.

Recruitment
• Participants were recruited via the Ohio State 

University Sensory Database

• Ages 8-12 without braces

• 35 neurotypical non-picky (NTNP)

• 23 neurotypical picky (NTP)

Interview
• Asked favorite and least favorite foods

• Reviewed food texture and examples/definitions

• Child took survey
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Figure 2. Sample screener question. If one or more 
textures are not pleasing, participants clicked “Won’t 
work for me”. Note: participants were told not to picture all 
eight of the textures shown in one food but to decide if all of 
them were acceptable or not collectively.

Data Analysis
• 5 NTNP and 3 NTP removed due to incomprehension 

of task

• Sawtooth Software embedded Hierarchical Bayes 
theorem  to determine utility scores and importance 
scores

Selectivity factors for data analysis:

1. Number of times a person marked “A possibility” 
in the screener section

2. Number of unacceptable textures a person 
selected

3. “None” utility score that was calculated from the 
number of times a person indicated “Not a 
possibility” on the screener section

4. Importance scores of the texture categories

RESULTS

Avg. 
# 

yes’s

Median 
yes’s

Average 
None 
Utility

Average 
UA 

Median 
UA

13 14 179 3.5 4

Figure 3. NTP (picky) average selectivity results 
from 21 participants.
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15 16 139 2.5 2

Figure 4. NTNP (non-picky) average selectivity 
results from 30 participants. Note: UA signifies 
unacceptable.

T-tests between populations
One-tailed, unpaired (α = 0.05) 

*approaches significance

# of yes’s None utility
Unacceptables 

chosen

p=0.060* p=0.0090 p=0.046

Common unacceptables

Fuzzy Chunky Rubbery Sandy Slimy

RESULTS, cont.

Figure 5. Average importance scores for both the 
NTP and NTNP populations.

CONCLUSIONS
• NTP eaters averaged more UAs, lower yes’s, and higher 

NONE utility indicating pickiness

• Mouthfeel and particulate contained polarizing 
unacceptables

• Mouthfeel exhibited highest importance scores for NTP 
and NTNP populations (21.6% and 23.9%, respectively). 

• Method can be used for sensory sensitive populations 
(e.g. autism population) to provide caretakers ideas of 
what foods to feed their children and which to avoid

• Survey can be used with other sensory components
such as smell or taste
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